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Introduction

The project assigned is to be able to develop a way for a remote control car to be
able to completely run by itself without any human input. When looking at self-driving
cars in the workplace it is seen that these cars represent a groundbreaking
technological advancement that has garnered significant attention in recent years.
These vehicles are designed to navigate and operate without human intervention,
relying on a combination of sophisticated sensors, cameras, GPS, lidar, and precise
algorithms. The development of self-driving cars has been a focal point for technology
companies and automotive manufacturers, driven by the promise of increased safety,

improved traffic efficiency, and enhanced mobility for individuals with limited mobility.

The core technology behind self-driving cars involves the interpretation of vast
amounts of data from sensors to make real-time decisions, such as steering,
acceleration, and braking. Machine learning and deep neural networks play a crucial
role in enabling these vehicles to recognize and respond to complex and dynamic
environments, including other vehicles, pedestrians, and various road conditions. The
goal of this project is to implement all of these factors into a toy car that is able to roam

around Miami’s campus on its own.

Project Background

The project has now been in development for 3 years at Miami University with
the collection of work for 3 teams. The previous teams have worked on the cars function
and crosswalk detection algorithm using Yolo V8. This is where the first group designed
and created the cars ability to drive based on programming in the Arduino IDE. There is
also an implemented controller that is connected to the car itself that is able to control
the speed and direction the car drives in. In the car there are currently three modes
present, mode 1 is the general mode that does nothing to the car, mode 2 is the base
driving for the car that uses the controller to control the car. Finally mode 3 is the current

mode that is being used to have the car drive by itself rather than by using a controller.
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Fig. 1: Most recent circuit diagram of car

Mode 3 is going to utilize all the aspects of a self-driving car that all groups have
worked on including the previous group’s cross walk algorithm. This algorithm is able to
detect the white lines of the crosswalk in order to get an accurate determination and
allow the car to be able to recognize it. The circuit diagram has also been done by this
group to help give a representation of the connections represented in this project in
helping future groups as well. Now last year the work on the car focused on 4 objectives
that were carried out. These objectives were path finding using gps, serial connection.
Object detection, and simulation. The first part of this work focused on research into

each of these topics and how to introduce them in forms to be used in the car. The



second part of this work last year was data collection and building blocks for these
objectives in order to use for this semester. This leads into the processes used this

semester to achieve the step forward in the project.

Project Research

Object Detection Using YOLOvS8 and Person Tracking:

Incorporating object detection and person tracking into our project aimed to enhance
our existing system's capabilities. My initial task involved implementing object detection
specifically for recognizing people. | began by researching the use of YOLOVS, following
the precedent set by the previous team. My investigation led me to their GitHub
repository, which provided a foundational understanding of the model and its

application.

| explored the YOLOvV8 documentation and various technical resources, including
StackOverflow discussions, to detect a person and track their position within video
frames. This research was crucial in learning how to extract specific coordinates (x1, x2,

y1, y2) representing the detected person’s location in the frame.

Further experimentation resulted in the development of a formula with my colleague
Zach, enabling us to calculate the distance between the person and the car’s camera.
This formula, m * (1/dataY) + par, where dataY is derived from the difference between

the x-coordinates, allows us to get the distance in feet.

Our testing process involved gathering data on a person's position relative to the
camera at various distances—5, 10, 15, and 20 feet. This data helped us refine our
detection and tracking algorithms. To enhance safety, | introduced a conditional
operation in the system: if a person is detected within an 8-foot radius of the car, the

system triggers a safety protocol to prevent potential collisions.

This research not only improved the system's efficiency but also its reliability in different
environments, demonstrating the practical benefits of integrating advanced object

detection technologies like YOLOVS.



Path finding using GPS

The majority of the research on path finding using GPS occurred during last
semester on how GPS works and how to use it. It was found that GPS works by having
a receiver determine its own location by measuring the time it takes for a signal to arrive
at its location from at least four satellites which can be seen in figure 2. The primary
goal of the research of GPS for last semester and this one involved improving the
precision of location data through advancements in satellite technology, signal

processing, and algorithms.

Fig. 2: Representation of GPS using satellites

Now last year’s research focused mainly on using NMEA sentences to portray
GPS on the car itself. This was done by the gps chip taking the raw satellite data and
converting it into NMEA sentences similar to the ones seen in figure 3. Then by
traversing through these sentences the values of latitude, longitude, time and data can
be extrapolated. This latitude and longitude was then used to create a general map of
the planned route that the car would drive resulting in figure 4. This though had an
inaccuracy of about 10 meters proving to need improvements to the type of GPS used
to get the location of the car. This is what led to the research done this semester to help

improve this accuracy and precision.



$GNRMC,181722.00,A,4000.1256100,N,08301.5461206,W,0.000, , 270718, , ,A, V*0F
$GNVTG, ,T,,M,0.000,N,0.000,K,A*3D
$GNGNS,181722.00,4000. 1256100, N,08301.5461206, W, AANN,17,99.99,221.231, -33.698, , ,V*1F
$GNGGA,181722.00,4000. 1256100, N,08301.5461206,W,1,12,99.99,221.231,M, -33.698,M, , *4A
$GNGSA, A, 3,03,06,12,17,19,24,28,02,,,,,99.99,99.99,99.99,1*37

$GNGSA, A, 3,74,84,66,82,73,83,68,67,80, ,,,99.99,99.99,99.99,2*3F
$GNGLL,4000.1256100,N,08301.5461206,1,181722.00,A,A*67
$GNGRS,181722.00,1,1.7,0.2,-1.3,-1.3,-1.5,1.8,2.5,1.2,,,,,1,0*7F
$GNGRS,181722.00,1,-4.2,0.8,4.2,1.6,-1.7,2.7,-4.8,-1.4,4.6,,,,2,0%74
$GNGST,181722.00,9.6,,,,8.71,0.71,8.71%51

$GNZDA,181722.0@,27,07,2018,00,00%7E

$GNGBS,181722.00,0.7,0.7,0.7,,,,,,%57

Fig. 3: NMEA sentences
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Fig. 4. GPS route with NMEA

When looking at a way to improve the accuracy and precision of the GPS from
the previous semester it was found the UBX was the best outcome. When researching
UBX for GPS it was found that UBX uses a software called U-center for programming
and setting up the values needing to be received from the GPS. Now in order for the
use of the U-center to work on a gps chip is to connect the chip directly to the computer
without an arduino. Now for the setup on the car the gps chip needs to be connected to
the arduino mega in order for the car to use gps data. When looking at a way to solve
this two videos were found that provided a solution to this and more detail into how UBX
works and how to use it. These youtube videos by iforce2d were insightful for how to

use UBX to get a more precise and accurate latitude and longitude.



Solution Process

Path finding using GPS

Now the first part of the solution process for Path finding with GPS is looking into
the different message types that are used in the U-center software, this being primarily
NMEA and UBX. Now according to iforce2d’s video the message type for UBX that is
needed for GPS is the NAV messages where NAV stands for navigation. The NAV
message has multiple data types at its disposal for the different values that are available
from the GPS chip. The first data type that was looked at was the NAV-POSLLH or the
Geodetic Position. This type of GPS targeting is done through geodetic coordinates,
which are a type of curvilinear orthogonal coordinate system used in geodesy based on
a reference ellipsoid, as seen in Figure 5. Now the gps first needs to be set up to
receive this data type which is normally done in the U-center software but in this case is
done manually in Arduino. This is done by sending byte messages patterns seen in
figure 6 that turn off NMEA messages and any others and turn on the NAV-POSLLH
messages. In this way the gps chip will only look for the NAV-POSLLH and not the
others. After these messages are sent to the gps chip a structure is created to form the

variables including latitude, longitude, and height.

AL

Fig. 5: Geodetic coordinates P(¢,A,h)



const char UBLOX_INIT[] PROGMEM = {

0xB5,0x62,8x06,0x01, 8x08,0x00, 8XFA, 0X08, X008, 0x008,0x808, 0X39, 0x08, 0x81,0x00, 0x24,
0xB5,0x62,8x06,0x01, 8x08,0x00,0XFO, 0XO1, X008, 0X08,0X08, 0X89, 0X08, 0X81,0x01,0X28B,
0xB5,0x62,0x06,0x01, 0x08 ,0x00, 0xFO, 0X02, 0X00,0x00,,0X08, 0X80, 0X08 , 0X81,0X02,0X32,
0xB5,0x62,8x06,0x01, 0x08 ,0x00,0xF0, 0X03 , 0X00,0x00,0X00, 0XB0, Ox08 , 0X81,0x03,0X39,
0xB5,0x62,08x06,0x01,0x08,0x00,8xF0, 0x04, X80 ,0x008,0x88, 0xB0, Ox08 , 0x81,0x04, 0x40,
0xB5,0x62,8x06,0x01, 8x08,0x00, 8XFA, 805, X080, 0x08,0x88, 0X39, 0x88, 0x81,0X85, 0X47,

0xB5,0x62,8x06,0x01, 0x08 ,0x00,0x01,0X07, 0X00,0x00,0X808, 0X80, Ox88 , 0X80,0x17, OXDC,
0xB5,0x62,8x06,0x01, 0x08,0x00,8x01,0x02, 0x00,0x08,0x80, 0xB0, Ox08, 0x80,0x12, OxBI,
0xB5,8x62,8x06,0x01, 8X@8 ,0x00,8X01, 803, X008, 0x08,0X88, 0X38, 0x88, 0X80, 0x13, 0XCO,

0xB5,0x62,8x06,0x01, 8x08,0x00,8x01,0x02, 0x08,0x01,0x88, 0x80, 0x88, 0x80, 0x13, OxBE

©xB5,0x62,0x06,0x08,0x06,0x00,OXES, 0X03, 081 ,0x00,0x01, 0X00,0x01,0x39,
Y

Fig. 6: UBX byte messages

Before the structure variables are used at all it goes through a GPS data
reception and validation routine. It continuously reads incoming GPS data, checks for a
specific header sequence, collects a payload, calculates a checksum for the payload,
and validates the checksum against the received bytes. If the received data and
checksum are valid, it returns true, indicating successful data reception and validation.
Then the data can simply be collected by going through the variables of the structure
where latitude and longitude can be represented by long values. With the process of the
GPS data reception and validation routine written and proven to work it was determined
to use NAV-PVT, also known as Navigation PVT Solution, as it contains accessible
variables seen in figure 7. PVT works by which a GNSS receiver measures the
transmitting time of GNSS signals emitted from four or more GNSS satellites and these

measurements are used to obtain its position and reception time.



struct NAV_PVT {
unsigned char cls;
unsigned char id;
unsigned short len;
unsigned long iTOW;
unsigned short year;
unsigned char month;
unsigned char day;
unsigned char hour;
unsigned char minute;
unsigned char second;
unsigned char valid;
unsigned long tAcc;
long nano;
unsigned char fixType;
unsigned char flags;
unsigned char flags2;
unsigned char numsSv;
long lon;
long lat;
long height;
long hMSL;
unsigned long hAcc;
unsigned long vAcc;
long velN;
long velE;
long velD;
long gSpeed;
long headMot;

Fig. 7: NAV_PVT structure

Object Detection Using YOLOvS8

The primary objective for the Raspberry Pi was to capture video frames in real
time and transmit them to a server designated for object detection. To achieve this, the
Raspberry Pi utilizes the cv2 library to interface with the camera, configuring settings to
capture frames at 640x480 resolution and 5 fps. This balance between quality and
performance was crucial, given the computational limitations of the Raspberry Pi. Once
captured, each frame is converted into PIL Image format, then compressed into JPEG
via a bytes buffer to minimize the frame size, facilitating more efficient transmission over
the network. A TCP socket connection is established between the Raspberry Pi and the
server, allowing for the serialized JPEG data and its size to be sent and ensuring the

server can correctly get the incoming data.

On the server side, the setup involves initializing a socket to listen for
connections from the Raspberry Pi. The server employs a function, receive_all, to
reliably receive and reconstruct serialized frame data into image format. The core
functionality revolves around the YOLOv8 model, which processes the frames to detect
objects. The detect_persons function specifically targets person detection, calculating
distances and other relevant metrics from the detected objects. The server then sends

these detection results back to the Raspberry Pi, which may use this data for various
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actions, such as writing to a serial port or adjusting vehicle operations based on the

proximity of detected objects.

Detection

Detection
Detection
Detection

Person Tracking

247802734375, yl: 143.46786499023438, x2: 433.4315185546875, y2: 357.0171203613281, Distance: 9.971476448290282 ft, Count: 1

.1514892578125, y1: 140.45343017578125, x2: 438.911865234375, y2: 355.32183837890625, Distance: 9.903571612678544 ft, Count: 1

08953857421875, yl: 139.81280517578125, x2: 442.42852783203125, y2: 361.01519775390625, Distance: 9.58880343697057 ft, Coun
25433349609375, yl: 138.48544311523438, x2: 444.0400390625, y2: 355.6539306640625, Distance: 9.787145697406066 ft, Count: 1

.1515197753906, 138.0391845703125, x2: 444.5300598144531, y2: 366.0284423828125, Distance: 9.270939515764946 ft, Coun
.3049621582031, y1: 135.76666259765625, x2: 444.1431579589844, y2: 368.41033935546875, Distance: 9.06366970550163 ft, Count

95550537109375, y1: 133.6419677734375, x2: 447.52630615234375, y2: 370.3188171386719, Distance: 8.890657798729844 ft, Count
8752136230469, y1: 131.98638916015625, x2: 447.7790222167969, y2: 370.29022216796875, Distance: 8.822522432377054 ft, Count

.82196044921875, y1: 131.65875244140625, x2: 447.29998779296875, y2: 370.701416015625, Distance: 8.791887662438802 ft, Count: 1

5115051269531, y1: 133.3382568359375, x2: 449.7211608886719, y2: 370.5389404296875, Distance: 8.868618469473246 ft, Count: 1
72491455078125, y1: 136.92617797851562, x2: 451.34271240234375, y2: 367.610595703125, Distance: 9.149899740223232 ft, Count: 1
16326904296875, yl: 138.675537109375, x2: 452.61309814453125, y2: 361.36346435546875, Distance: 9.517571867354947 ft,

-6750793457031, y1: 139.50433349609375, x2: 452.1698913574219, y2: 356.31427001953125, 9.805132385171614 ft
.19525146484375, yl: 140.69573974609375, Xx2: 450.79803466796875, 354.6002197265625, Di 9.953108471607834 ft, Coun

1
88128662109375, yl: 144.75942993164062, x2: 441.72882080078125, y2: 355.6948612792969, Distance: 10.108577098175235 ft, Count: 1
6083984375, y1: 149.08963012695312, x2: 434.1065673828125, y2: 355.2823181152344, Distance: 10.366097374445017 ft, Count: 1

.4151611328125, y1: 154.7889404296875, x2: 430.4432373046875, y2: 354.10748291015625, Distance: 10.761167302882901 ft, Count: 1

6448974609375, y1: 156.2420654296875, x2: 429.8143310546875, y2: 351.0474548339844, Distance: 11.835708554675477 ft, Count: 1

.71795654296875, y1: 156.85543823242188, x2: 431.22857666015625, y2: 351.1379089355469, Distance: 11.068342967587816 ft, Count: 1

534423828125, y1: 157.032958984375, x2: 431.12078857421875, y2: 350.28118896484375, Distance: 11.133408158322698 ft, Count: 1
1

-0343017578125, y1: 157.69863891601662, x2: 431.3272705078125, y2: 350.8378601074219, Distance: 11.140306611653482 ft, Count
.0850830078125, y1: 157.85625512695312, x2: 431.0770263671875, y2: 351.0754699707031, Distance: 11.135180309945289 ft, Count: 1
9620361328125, y1: 157.86886596679688, x2: 431.473388671875, y2: 350.9277648925781, Distance: 11.145394667448818 ft, Count

2434387207031, 157.16754160390625, x2: 431.9112854003906, y2: 350.221923828125, Distance: 11.145680899660862 ft, Count: 1
88677978515625, yl: 156.87564086914062, x2: 431.262451171875, y2: 350.125244140625, Distance: 11.133321301356899 ft, Count: 1
1888427734375, y1: 156.39910888671875, x2: 431.4686279296875, y2: 349.5321044921875, Distance: 11.140700823340836 ft,
971435546875, y1: 154.63681030273438, x2: 433.2318116234375, y2: 345.97235107421875, Distance: 11.25565690783117743 ft, Count

6246643066406, y1: 152.37466430664062, x2: 438.5305480957031, y2: 337.7032165527344, Distance: 11.65571518410643 ft, Count: 1
.546875, yl: 156.4227294921875, x2: 448.01489912109375, 342.4175720214844, Distance: 11.610059331149351 ft, Count: 1
.0242614746094, 158.47125244140625, x2: 452.4260559082031, y2: 338.5316162109375, Distance: 12.028602030301254 ft
.8990478515625, y1: 159.59378051757812, x2: 455.6031494140625, y2: 340.1177673339844, Distance: 11.994913024608607 ft
-22637939453125, y1: 162.56100463867188, x2: 455.38458251953125, y2: 338.856689453125, Distance: 12.308722184525253 ft
.23944091796875, yl: 162.36810302734375, x2: 455.58343505859375, 336.5963134765625, Distance: 12.467707199178156 ft

97100830078125, y1: 163.05926513671875, x2: 455.21307373046875, y2: 338.0466613769531, Distance: 12.40889071747634 ft
4007568359375, yl: 161.260009765625, x2: 455.677734375, y2: 332.53106689453125, Distance: 12.701778195669326 ft, Count

-3369140625, y1: 161.39328002929688, x2: 455.1220703125, y2: 338.6712646484375, Distance: 12.234484608063804 ft, Count: 1

16107177734375, yl: 161.26797485351562, x2: 455.73858642578125, y2: 332.790771484375, Distance: 12.68153767130229 ft, Count: 1
2804260253906, y1: 161.73712158203125, x2: 455.6097106933594, y2: 332.88580322265625, Distance: 12.711639017516075 ft, Count: 1

9083251953125, 161.43212890625, x2: 455.12054443359375, y2: 332.7587890625, Distance: 12.697302446526846 ft, Count: 1
.0298156738281, y1: 161.705322265625, x2: 454.9911804199219, y2: 336.5269775390625, Distance: 12.421687597160611 ft, Count: 1

5787353515625, y1: 160.7103271484375, x2: 454.4793701171875, y2: 336.6444396972656, Distance: 12.33625683637441 ft, Count: 1
39263916015625, yl: 160.22091674804688, x2: 453.91534423828125, y2: 332.77056884765625, Distance: 12.599587550293972 ft, Coun
2835693359375, yl: 159.89849853515625, x2: 453.91961669921875, y2: 333.0523681640625, Distance: 12.551821069355043 ft, Count: 1
587890625, yl: 159.74667358398438, x2: 454.7640380859375, y2: 334.9427490234375, Distance: 12.392813005839752 ft, Count: 1

.083251953125, y1: 159.04531860351562, x2: 455.265869140625, y2: 336.578369140625, Distance: 12.215342285667678 ft, Count: 1

71746826171875, yl: 157.96902465820312, x2: 455.64105224609375, y2: 335.64703369140625, Distance: 12.20448785632566 ft, Count: 1

-775634765625, y1: 156.9676513671875, x2: 457.5194091796875, y2: 336.747314453125, Distance: 12.049083494505195 ft, Count: 1
.7527770996094, y1: 153.9913330078125, x2: 459.4318542480469, y2: 337.2452087402344, Distance: 11.800003480190972 ft, Count: 1

08929443359375, y1: 151.45236206054688, x2: 462.94378662109375, y2: 341.5143127441406, Distance: 11.338311645966971 ft, Count: 1
1

.5054016113281, y1: 149.02267456054688, x2: 465.9344787597656, y2: 338.32891845703125, Distance: 11.38792166775401 ft, Count

25323486328125, yl: 147.10345458984375, x2: 466.66253662109375, y2: 340.80859375, Distance: 11.104577840399035 ft, Count: 1
1565856933594, yl: 146.46578979492188, x2: 466.5429992675781, y2: 343.1335754394531, Distance: 10.920889463100579 ft, Count: 1

.13720703125, y1: 147.4239501953125, x2: 462.41015625, y2: 343.6736755371094, Distance: 10.946473723168403 ft, Count: 1

7884521484375, yl: 147.894287109375, x2: 455.9820556640625, y2: 343.89173583984375, Distance: 11.011355530476546 ft, Count: 1

.7085266113281, 148.82290649414062, x2: 451.2630920410156, y2: 343.14691162109375, Distance: 11.065744457929187 ft, Coun

.581787109375, yl: 149.16043090820312, x2: 449.79144287109375, y2: 343.48248291015625, Distance: 11.065866625999503 ft, Coun

.04339599609375, yl: 149.7530517578125, x2: 450.0067138671875, y2: 343.1501159667969, Distance: 11.124001970756963 ft, Count: 1
1

373779296875, yl: 149.767822265625, x2: 450.119140625, 343.65380859375, Distance: 11.893204177171515 ft, Count

.2698974609375, 149.24249267578125, x2: 450.91650390625, y2: 343.15277099609375, Distance: 11.091678045171806 ft, Count: 1
.1064147949219, y1: 148.95126342773438, x2: 451.9807434082031, y2: 343.1650085449219, Distance: 11.07264507338471 ft, Count:

8690185546875, y1: 148.80331420898438, x2: 452.3255615234375, y2: 343.2007141113281, Distance: 11.061155390311544 ft, Count
536376953125, yl: 148.58746337890625, x2: 452.56573486328125, y2: 343.227294921875, Distance: 11.046021752200314 ft, Count
891357421875, yl: 148.86087036132812, x2: 452.617919921875, y2: 342.9434814453125, Distance: 11.080862295858656 ft, Coun

Eh
.03204345703125, y1: 148.8494873046875, x2: 452.58660888671875, y2: 342.966064453125, Distance: 11.07873282258303 ft, Count: 1

1395263671875, y1: 149.19357299804688, x2: 452.677001953125, y2: 343.2842712402344, Distance: 11.880355210809369 ft, Count: 1

Fig. 8: Object detection information sent to Raspberry Pi

To first start off with even attempting to have the car follow a person data first

needs to be taken from the camera’s object detection. By reading the serial monitor and

putting every new instance of a line into a string variable called inputString so the

camera data can be saved to the arduino. Now the next step is to separate the

inputString variable into different variables for x1, x2, y1, y2, and distance. This is done

by first finding the instance at which each variable value is at and putting those indexes

into different variables. With these indexes the substring function can be used to get

each variable in the overall string where the values at the end are separated by a

comma. These smaller strings then can be converted to either an integer value or float

value as seen in figure 9.
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int x1Index = values.indexOf("x1:") + 3;
int ylIndex = values.indexOf("yl1:") + 3;
int x2Index = values.indexOf("x2:") + 3;
int y2Index = values.indexOf("y2:") + 3;
int distIndex = values.indexOf("Distance:") + 10;

int x1 = values.substring(xlIndex, values.indexOf(",", x1Index)).toInt();
int yl1 = values.substring(ylIndex, values.indexOf(",", ylIndex)).toInt();
int x2 = values.substring(x2Index, values.indexOf(",", x2Index)).toInt();
int y2 = values.substring(y2Index, values.indexOf(",", y2Index)).toInt();

float distance = values.substring(distIndex, values.indexOf(" ft", distIndex)).toFloat();

Fig. 9: Input separation

To find the middle of the x values that are given by the object detection code the
x1 and x2 can be added then divided by two in order to get the general middle of the
person’s box. This middle will be the point that is tracked by the car and can be used for
the car’s turning system. Through testing through a hallway it was found that the
minimum and maximum values for the camera from 8 meters away is from 172 to 462.
Now these values with the input of x_d, or our middle point , can be used for turning by
mapping them to the max left and right turning values in the car. By using the map
function shown in figure 10 this can happen where in order for no turning to happen x_d
has to be 320. Now if x_d is greater than 320 the car’s wheels will turn right, varying on
how far, and less than 320 to turn left. This map function can also be used for the
distance variable where the farther a person is away from the car the faster the car will

drive towards that person.

int turnX = map(x_d, 172, 462, -250, 250);

Fig. 10: Map function

Final Results

Path finding using GPS

Using the NAV-PVT data structure instead of the previous NAV-POSLLH allows
for more variables to be used including the speed of the car and magnetometer data for
direction. For the car the variables that are specifically needed are latitude, longitude,

time constants of hour, minute, second, NED north velocity, NED east velocity, NED
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down velocity, ground speed, heading of motion or magnetometer, and the accuracies
of all these variables. These variables can help in the future development of a
self-driving car path and a greater accuracy of the car’s location. Now while using the
NAV-PVT latitude and longitude values a straight path of the car is able to be obtained
which is seen in figure 11. Now when looking at the car’s path of figure 11, which has
the same y and x limits as figure 4, and comparing it to the straight path on figure 4 it is

clear that NAV-PVT'’s location data has more precision.
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Fig. 11: Path with NAV-PVT

The other parts of the NAV-PVT still need to have more time spent on them to get
more and better data points. These include the magnetometer, ground speed, and
finally the accuracy of the variables that are collected. The accuracy variables can
guarantee a way to determine which variables need improvements and which ones
don’t. The speed variables including ground speed will tie into future developments of
the dead reckoning software used on the car. While these collections of data are not
present the current data for latitude and longitude will help any future progress on the
car itself. Coordinating with some of the work done on the person tracking part of the

self-driving car will help in the future to create a self-driving path.

Object Detection Using YOLOvS8
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The final implementation of our autonomous detection system produced highly
encouraging results, successfully integrating real-time video capture, efficient data
transmission, and accurate object detection. The integrated system, consisting of the
Raspberry Pi, the object detection model utilizing YOLOvVS8, and the network
communication infrastructure, performed outstandingly. The system consistently
maintained a frame rate of 5 fps at a resolution of 640x480 pixels, aligning with our
processing needs and achieving our target frame rate. However, while the object
detection model achieved an impressive accuracy rate in detecting individuals within the
video frames, there is room for improvement. Developing a new model specifically

focused on detecting people could enhance this accuracy further.

Regarding speed, the system managed a preprocessing time of 1.3ms and a
postprocessing time of 0.5-0.7ms. The most critical component, the inference time,
ranged between 65.3ms and 68.2ms. This reflects the time taken by the model to
analyze an image and make predictions, coming to a total object detection speed of
about 70ms per frame. The system can process approximately 14-15 frames per
second. Despite these successes, the quality of the camera and the calibration of the
RGB channels could be enhanced to improve the overall image clarity and accuracy of
detection. Network communication between the Raspberry Pi and the server works
tremendously. The system demonstrated its capability to track individuals reliably over
various tests, accurately calculating distances up to 20 feet. The system effectively
triggered safety protocols when a person was detected within an 8-foot radius of the
autonomous vehicle. Feedback from these trials highlighted the system’s potential to

enhance safety and operational efficiency in autonomous vehicle navigation.
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Fig 12: Object Detection of a person

Person Tracking

The final factors of person tracking that were implemented was being able to
detect when to stop the car itself and the final calculations of steering that the car uses.
To start with having the car stop the inputString variable looks for a specific input on the
serial monitor that comes from the raspberry pi. The input that is being looked for is the
string “Stop”. Now when the inputString variable is equal to this the car’s speed is set to
0 and its turn is set to straight. Now this will happen when the car or more accurately the
camera on the car is approximately 8 meters away from any person in the car’s view.
There are also a few more else if statements that set the car’s speed to 0 including
there being no inputs in the serial monitor and if there is a “null” in the serial monitor.
Now there still needs to be more calculation done in order to turn the turn variable into a
value that the car’s 3d parts can use shown in figure 13.

if(revTurn == 1)
{

desA = steerA - steerB * tan(PI * turnX / 750.); //max is pi/3
}

else

{

desA = steerA + steerB * tan(PI * turnX / 756.);

}
ST_PWM = floor(steerKp * (desA - pot) + .S)J

Fig. 13: Steering calculations
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Using all these final variables and detection function a proper person tracking
software is made. As seen in figure 14 the car is able to track the direction of a single
person in whichever direction they are. The car will correct itself, turning either left or
right, spending on which side the person is on the camera and will face straight forward
towards the person. Depending on how far a person is away from the car it will increase
its speed to reach the person and slow down the closer it gets. While this tracking
method works well in the hallway that is where it was tested it works even better in an

outside environment where it is able to turn more without hitting any walls.

Fig. 14: Car following

Future Work

Path finding using GPS

It can be seen from looking at the close up view of the NAV-PVT path, seen in
figure 15, that it still doesn’t have the greatest accuracy and still needs to be improved
upon. Now there are many ways that this can be done by adding new elements into the
gps systems of the car. One of these ways of improvement is by introducing differential
gps into the system. Now differential gps is a gps technique that utilizes two gps chips
instead of just relying on the one attached to the car. In this technique in addition to the
gps chip attached to the car there is another chip that acts as a ground chip that

remains stationary. Since the ground chip's location never changes it can be used to
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compare the distance between the two gps chips and allow for a more accurate
location. The next thing that can be implemented is the already made dead reckoning
algorithm. This will help to determine the difference between the actual data points
taken from latitude and longitude and compare it to the dead reckoning algorithm. With

this the data can be compensated to represent the dead reckoning algorithm more.

8 it .
3 05105 X10 ‘ Latitude vs Longitude

3.9510495 -
3.951049 - |
3.9510485 |-
3.951048 | A
3.9510475 |- i \
3.951047 | | //"\ ‘\\ s

3.9510465 -

Latitude
N

3.951046 |

3.9510455 -

3.951045 - L - - -
-8.4733  -8.47328 -8.47326 -8.47324 -847322 -84732 -8.47318

Longitude «108

Fig. 15: Close view NAV-PVT path

Now the magnetometer can help to keep the car straight on the sidewalk keeping
it from swerving off the sidewalk. The magnetometer first needs to be calibrated first in
order to get correct data sets. This can be done by driving the car in a circle to get a 360
degree data circle which is likely to be offset due to influence by metal. The degrees
can then be calibrated to be an accurate circle where north is 0 degrees, east is 90

degrees, south is 180 degrees, and the point just before north is 359 degrees.

The final goal for path finding with gps is for the car to be able to drive through a
predetermined path without any human aid. This includes the car being able to drive
straight and keep aligned while driving. It also includes the turning aspects of the path
including knowing when to turn onto the crosswalk and how to drive in a circle to turn
around. The hope is to also have a greater accuracy of gps data in order for the car to
know which side of the sidewalk it is currently on. The accumulation of all this work will
allow the car to complete this final goal and eventually it will be able to drive without a

planned path.
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Object Detection Using YOLOvS8

The integration of object detection allows for a continuous loop of real-time object
tracking and decision-making, which is crucial for autonomous systems. However,
challenges such as maintaining real-time processing speeds, ensuring data integrity
over potentially unreliable networks, and specifically locking onto the first detected
person despite the presence of others pose significant hurdles. These challenges
involve advanced tracking logic and potentially the integration of advanced tracking
algorithms like Kalman filters to follow the initially detected person consistently. Refining
the balance between frame rate and resolution based on experimental data will be

crucial for optimizing system performance in future developments.

Further advancements should also consider the development of a specialized YOLOv8
prediction model tailored specifically for human detection. By focusing the model on
detecting people and any other important object we want to detect like signs,
crosswalks, etc., we can significantly improve its efficiency and accuracy for our specific
use case, as the current base model of YOLOv8 encompasses multiple classes that are

not necessary for our application.

Upgrading the camera technology used in our system could greatly benefit our
objectives. Implementing a dual-lens camera would enhance the accuracy of distance
measurements and facilitate more sophisticated tasks such as edge detection for
sidewalks. This enhancement would be instrumental in developing a 'vanishing point'
program for the car, improving its navigational capabilities in different environments.
These technological improvements will pave the way for more advanced and reliable

autonomous vehicles.
Person Tracking

Conclusion

Path finding using GPS

This part of the project explored the ways in which to accurately receive location

using methods of gps and implementing them for use in a self driving car. Gps is a
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critical tool used for this project in ways of location finding and the car’s own location
detection. This can be said for the many other objects that in fact use gps in an
everyday concept. The outcomes that have come out of using gps in the specific part of
path finding has helped and will help every other aspect of the car. Now increasing the
accuracy and precision of this gps data will guarantee that the car’s crosswalk
algorithm, object detection, and even person tracking will be used at the correct times
and places. Gps will also allow for the correct detection of where intersections, roads
and stops are located at. This all allows for the correct placement and safety of the car

itself when it does eventually drive without any human interactions.

Object Detection Using YOLOvS8

This project made significant strides in integrating advanced object detection into
an autonomous car. By using the YOLOv8 model and the Raspberry Pi, we were able to

capture and process video in real time effectively.

Throughout the project, | have successfully implemented YOLOVS for real-time
object detection, which is crucial for navigating the car safely. The Raspberry Pi played
a significant role in capturing video frames and handling data transmission to a server.
Using socket programming was crucial in establishing reliable communication between
the Raspberry Pi and the server, ensuring that data was transmitted efficiently, which is

important for maintaining the system’s responsiveness.

This project's results show that integrating object detection technology can enhance the
functionality of autonomous vehicles. It has also opened up new opportunities to

advance our system further.

Person Tracking

This project has made a great step in integrating a tracking system into an
autonomous car. By using serial communication with the raspberry pi via the serial
monitor the tracking system successfully connects with the camera. This system has

been able to turn to face a person in each direction, speed up to catch up to the person,
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and stop when the person gets too close to the car. The only improvements that could
be done on this system would be to implement the crosswalk algorithm and lidar when
used outside to be able to stay on the sidewalk and off the grass. This tracking system
can also be used in the path finding part of the project to not run into people and be able

to know how to turn with the car.
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